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Table S1. Performance metrics of all models tested on antimicrobial activity and hemolysis classification. The best 

value for each metric is highlighted in bold for activity and hemolysis separately. Results for reduced training sets are 

reported for 20% and 2% size of the original activity dataset and 10% of the original hemolysis set.  

Model ROC AUC Accuracy Precision Recall F1 

GPT-3 Ada act. 0.84 0.78 0.78 0.78 0.78 

GPT-3 Babbage act. 0.85 0.79 0.79 0.78 0.79 

GPT-3 Curie act. 0.86 0.79 0.78 0.81 0.79 

GPT-3 Ada 20% act. 0.75 0.69 0.7 0.67 0.68 

GPT-3 Babbage 20% act. 0.76 0.69 0.7 0.69 0.68 

GPT-3 Curie 20% act. 0.76 0.7 0.71 0.71 0.71 

GPT-3 Ada 2% act. 0.66 0.6 0.6 0.63 0.61 

GPT-3 Babbage 2% act. 0.66 0.62 0.6 0.73 0.66 

GPT-3 Curie 2% act. 0.65 0.6 0.6 0.63 0.61 

GPT-3 Ada hem. 0.9 0.82 0.8 0.79 0.79 

GPT-3 Babbage hem. 0.87 0.8 0.76 0.76 0.76 

GPT-3 Curie hem. 0.89 0.84 0.82 0.79 0.8 

GPT-3 Ada 10% hem. 0.72 0.68 0.63 0.58 0.6 

GPT-3 Babbage 10% hem. 0.72 0.7 0.65 0.6 0.62 

GPT-3 Curie 10% hem. 0.73 0.68 0.63 0.59 0.61 

 
 

Table S2. Mean and standard deviation of performance metrics of selected models tested on antimicrobial activity and 

hemolysis classification. The best value for each metric is highlighted in bold.  

Model ROC AUC Accuracy Precision Recall F1 

Features SVM act. 0.65 ± 0.01 0.65 ± 0.01 0.65 ± 0.01 0.63 ± 0.01 0.64 ± 0.01 

MAP4C SVM act. 0.8 ± 0.01 0.8 ± 0.01 0.78 ± 0.01 0.83 ± 0.01 0.80 ± 0.01 

RNN act. 0.85 ± 0.01 0.78 ± 0.01 0.76 ± 0.02 0.81 ± 0.01 0.78 ± 0.01 

GPT-3.5 Turbo act. 0.69 ± 0.01 0.69 ± 0.01 0.62 ± 0.01 0.95 ± 0.01 0.75 ± 0.01 

Features SVM hem. 0.62 ± 0.01 0.64 ± 0.01 0.59 ± 0.02 0.48 ± 0.02 0.53 ± 0.01 

MAP4C SVM hem. 0.82 ± 0.02 0.82 ± 0.01 0.78 ± 0.02 0.82 ± 0.04 0.79 ± 0.01 

RNN hem. 0.87 ± 0.01 0.81 ± 0.01 0.77 ± 0.03 0.79 ± 0.03 0.78 ± 0.01 

GPT-3.5 Turbo hem. 0.47 ± 0.01 0.48 ± 0.01 0.38 ± 0.02 0.36 ± 0.02 0.37 ± 0.02 
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Table S3. Training times and costs of GPT models on the full training sets. 

Model Time (h) Costs ($) 

GPT-3 Ada Activity 01:05:04 $0.39 

GPT-3 Babbage Activity 01:09:38 $0.59 

GPT-3 Curie Activity 01:15:05 $2.93 

GPT-3.5 Turbo Activity 00:53:24 $7.00 

GPT-3 Ada Hemolysis 00:55:37 $0.09 

GPT-3 Babbage Hemolysis  00:57:19 $0.13 

GPT-3 Curie Hemolysis 01:08:09 $0.67 

GPT-3.5 Turbo Hemolysis 00:55:58 $1.66 

 


